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archive.org/studies/EGAS00001000400], WCDT-MCRPC: phs001648.v2.p1 [https://www.ncbi.nlm.nih.gov/projects/gap/cgi-bin/study.cgi?
study_id=phs001648.v2.p1. These data are available under controlled access after authorization by a Data Access Committee. Access can be requested via EGA or
dbGaP. Publicly available processed variant calls (CNAs, GRs, SNVs, indels) are available through the ICGC Data Portal under the project PRAD-CA (https://
dcc.icgc.org/projects/PRAD-CA). The publicly available OncoScan SNP array data and RNA-Sequencing data used in this study can be found on EGA under the
accession EGAS00001000900 [https://ega-archive.org/studies/EGAS00001000900]. The publicly available mRNA data used in this study is available in the Gene
Expression Omnibus (GEO) database under the accession GSE84043 [https://www.ncbi.nlm.nih.gov/geo/query/acc.cgi?acc=GSE84043]. The publicly available
methylation data used in this study is available in the GEO database under the accession GSE107298 [https://www.ncbi.nlm.nih.gov/geo/query/acc.cgi?
acc=GSE107298]. The publicly available processed proteomics data are available in supplementary material online [https://doi.org/10.1016/j.ccell.2019.02.005]. The
publicly available processed RNA-Seq data and gene fusion data are available in supplementary material online [https://doi.org/10.1016/j.cell.2019.01.025]. The
data generated in this study, including tumour and non-tumour telomere lengths and association statistics, are available within the article or Supplementary
Information.

392 published WGS from intermediate risk prostate cancer tumour blood or adjacent normal pairs. RNA abundance was available for 139
samples, methylation data was available for 241 samples and proteomics data was available for 70 samples. 101 published WGS from
metastatic prostate cancer tumour-blood pairs. This is a collection of publicly available datasets with WGS. Other data type are from the ICGC
PRAD-CA, which consists of different data types from the same patient (i.e. methylation, RNA-seq, proteomics)

Reads from lanes that contained too few reads to calculate an estimate (marked as UNKNOWN), and outlier lanes as identified by grub's test,
were removed from input BAMs using BAMQL v1.6. These outliers were removed due to technical failures. After outliers were removed,
TelSeq was run again ignoring read groups with the -u parameter. Samples with telomere estimates less than 0.25 were removed from further
analysis. (n = 11). These samples were removed because their values were four standard deviations lower than the mean and thought to be
due to technical issues and not biologically sound.

In order to replicate our findings, we ran analyses using telomere estimates from two different algorithms. A substantially powered
intermediate risk prostate cancer validation dataset with WGS, methylation, transcriptomics and proteomics data doesn't exist.

Samples were allocated to groups based telomere length or mutation status depending on the test. To account for differences in TL due to
sequencing center, a linear model was fit with TL as the response variable and sequencing center as the predictor variable

All participants were recruited into the study based only on clinical features. Therefore, telomere length nor somatic mutational profile was
known upon inclusion. Blinding was not relevant in this study because we were not comparing treatment groups.




